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ABSTRACT:  

The infusion of artificial intelligence (AI) in knowledge intensive jobs has been changing the 

very core of how organizations redefine, use, and share knowledge. One of the major 

obstacles of this overhaul is the challenge of handling the interplay between explicit 

knowledge which is formalized and codifiable and tacit knowledge which is experiential, 

context dependent, and hard to explain (Polanyi, 1966). Our article investigates the role of AI 

in collaboration with humans in knowledge work. We focus on AI systems that complement 

human expertise in dealing with the two forms of knowledge. The research incorporated 

knowledge management, organizational learning, and human AI interaction to understand AI 

capabilities, which can help in processing and scaling explicit knowledge. Besides, AI plays a 

new role in supporting tacit knowledge by recognizing patterns, providing decision support, 

and collaborative sense making (Nonaka & Takeuchi, 1995; Davenport & Kirby, 2016). The 

study suggests a conceptual framework around the idea of task capability alignment, 

interactive system design, and organizational learning mechanisms that would ensure AI as a 

tool that aids human judgment rather than one that replaces it. The research decision shows 

that using AI for human AI collaboration is a smart move when AI is used for operational 

efficiency and deep analytics, while human skills, such as contextual understanding, 

creativity, and ethical reasoning, are kept intact. The article ends with a list of implications 

for organizational design, workforce skill development, and future research on sustainable 

human AI knowledge ecosystems. 
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INTRODUCTION 

1.1 Knowledge Work and the Rise of Artificial Intelligence 

Knowledge workactivities related to the analysis, creation, and application of information has 

been the key driver of organizational competitiveness and innovation (Drucker, 1999). As 

economies become more dependent on knowledge-intensive industries, organizations are 

under increasing pressure to handle information efficiently and convert it into a decisive 

insight. At the same time, substantial progress in artificial intelligence (AI) has led to the 

development of systems that can process massive amounts of data, identify complicated 

patterns, and automate analytical functions that were in the area of human experts only. 

AI tools are not only for operational support functions; they are now deeply ingrained in 

strategic decision making, research, design, and professional services. Consequently, AI is 

becoming to be an on-going partner with a shared goal rather than a simple productivity tool 

thus changing the way knowledge work is carried out and how it is coordinated within 

organizations (Davenport & Kirby, 2016). The change calls for more understanding of the 

interaction of human cognition and machine intelligence in knowledge-rich environments. 

1.2 Tacit and Explicit Knowledge in Human-AI Collaboration 

An essential difference discussed in knowledge management research is the difference 

between tacit and explicit knowledge. Tacit knowledge covers skills, intuitions, and inside-

the-experience insights that are hard to formalize or communicate but are the core of expert 

performance (Polanyi, 1966). On the other hand, explicit knowledge is made up of pieces of 

information that can be codified, recorded, and communicated through formal representations 

like manuals, databases, and algorithms (Nonaka & Takeuchi, 1995). 

The difference becomes very clear when talking about AI-enabled knowledge work. AI 

systems are very good in storing, processing, and recombining explicit knowledge on a large 

scale, but they find it hard to get the contextual awareness, situational judgment, and 

embodied understanding that are a part of tacit knowledge (Collins, 2010). Therefore, the 

effectiveness of human–AI collaboration is about how well the capabilities of AI are matched 

with the strengths of humans rather than trying to fully automate complex cognitive 

processes. 
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1.3 Research Motivation and Objectives 

While there has been a lot of talk about using AI for knowledge work, the issue of how 

organizations can balance tacit and explicit knowledge in human–AI systems is still not clear 

conceptually. Most of the existing studies look at either technological performance or human 

factors without considering that the two are dependent. This gap in the literature leads to 

questions about task allocation, system design, and organizational learning in AI-augmented 

workplaces. 

The main goal of this article is to analyze human–AI collaboration from the perspective of 

knowledge theory, with the knowledge being the dynamic relationship between tacit and 

explicit. The paper, in particular, intends to (1) analyze the roles AI plays in supporting 

different forms of knowledge, (2) identify challenges and limitations in integrating AI into 

knowledge-intensive tasks, and (3) suggest a conceptual framework that facilitates the 

effective design of human–AI collaboration in organizations. The study, by dealing with 

these issues, makes a noise in the ongoing debates about the future of work, knowledge 

management, and AI adoption that is ethical and trustworthy. 

 

Literature Review 

2.1 Tacit and Explicit Knowledge 

The difference between tacit and explicit knowledge has for a long time been used as a base 

idea in studies related to knowledge management. Tacit knowledge is the most deep of the 

know-how, that is, among other things it includes the intuitive part, the skills acquired 

through experience, and also the understanding that is quite dependent on the given context, 

and all these aspects individuals can get only in practice and through social interaction 

(Polanyi, 1966). As a rule, tacit knowledge is some kind of background which is also 

embodied in the subject, that is why this knowledge is very difficult to explain or to transfer 

in full even by means of formal documentation. 

On the other hand, explicit knowledge is that which can be expressed in systematic and 

symbolic forms like written text, diagrams, formulas, and digital records (Nonaka & 

Takeuchi, 1995). This knowledge is very easy to save, share, and recombine, and hence it is 

quite suitable for computational processing. Effectiveness of an organization, as the prior 

research indicates, is not a result of giving preference to one form of knowledge over another, 

but rather, enabling the continuous interaction and transformation of both. 

The interplay between tacit and explicit knowledge is a subject of Nonaka’s SECI model. 

According to this model, knowledge creation is a cyclical process which involves 
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socialization, externalization, combination, and internalization (Nonaka & Takeuchi, 1995). 

This model supports a view that in order for organizational learning to be sustained both 

human interaction and formal systems are necessary. 

2.2 Knowledge Work and Organizational Learning 

Knowledge work refers to the activities that intellectually utilize the human brain rather than 

the physical body. Examples of such activities include: problem solving, analysis, innovation, 

and decision making (Drucker, 1999). The work is of such a nature that it is always uncertain 

and depends on the context, thus the workers have to use not only the codified information 

but also their personal experience. Organizational learning theories emphasize that companies 

become competitive by acquiring the knowledge of the individuals and incorporating it into 

the collective routines and practices (Argote, 2013). 

Studies on organizational learning reveal that technological systems have an essential role in 

sustaining knowledge storage and retrieval; however, human judgment should be still 

regarded as central for interpretation and application (March, 1991). People learn through 

formal documentation, but also through shared experiences, experimentation, and reflection. 

These findings imply that proficient knowledge systems have to be able to facilitate not only 

the formal information flows but also the informal ones that are socially situated. 

2.3 Artificial Intelligence in Knowledge Work 

The implementation of AI in knowledge work has led to a broadening of the task areas that 

can be either partially or fully automated. Currently, AI systems are being employed 

extensively for data analytics, natural language processing, forecasting, and decision support 

across various domains like healthcare, finance, law, and management (Davenport & 

Ronanki, 2018). They are exceptionally potent in operations that heavily depend on vast 

amounts of structured or semi-structured data, thereby consolidating their position in the 

handling of explicit knowledge. 

The breakthrough of machine learning and generative AI has, in fact, opened up new avenues 

for the interaction of AI systems with unstructured information such as text, images, and 

speech, thus, the traditional division between explicit and tacit knowledge is becoming less 

clear (Russell & Norvig, 2021). However, academicians warn that AI-generated outputs 

should not be considered as real comprehension since these do not have the experience of the 

body and the awareness of the situation (Collins, 2010). Hence, AI systems are most efficient 

as augmentative tools which not only support but also increase the level of human expertise. 
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2.4 Human–AI Collaboration 

Research on human–AI collaboration aims to find out how humans and intelligent systems 

can together achieve tasks by using their complementary capabilities. In the studies, it is 

stated that AI is the most effective when it is created to assist the human in decision-making 

rather than to function autonomously in complicated and unclear situations (Amershi et al., 

2019). Collaborative systems which have transparency, explainability, and user control 

elements, usually lead to a higher degree of trust and better results. 

In knowledge-intensive areas of work, human–AI collaboration may be such that AI takes 

care of the analytical and information-processing parts, and humans concentrate on 

interpretation, ethical reasoning, and making judgment of the context (Davenport & Kirby, 

2016). The repartition of labor here mirrors the ongoing significance of tacit knowledge in 

the field of professional practice. However, incorrectly structured systems can affect human 

learning in such a way that they may not understand the process of reasoning or be overly 

dependent on the results given by algorithms. 

To a great extent, the literature shows that the integration of AI into knowledge work in a 

successful manner is contingent upon the acknowledgment of the different but also 

interdependent roles of tacit and explicit knowledge. Knowing how these kinds of knowledge 

are shared between humans and machines is a prerequisite for the design of collaborative 

systems that support organizational learning and enhanced performance in the long run. 

 

Conceptual Framework and Methodology 

3.1 Conceptual Framework 

This research employs a conceptual model that combines knowledge theory and human–AI 

interaction to investigate the collaboration of humans and AI systems in knowledge-intensive 

work. At the heart of the model is the difference between tacit and explicit knowledge, as 

well as the focus on the agreement between the properties of a task, the abilities of AI, and 

the skills of human beings (Polanyi, 1966; Nonaka & Takeuchi, 1995). 

The model identifies two main knowledge spheres. Tasks that are mainly based on explicit 

knowledge are usually those that are rule-based, structured, and can easily be coded, thus, 

they are very suitable for computational processing. On the other hand, tasks that are heavily 

dependent on tacit knowledge use experience, have a strong sense of the context, and even in 

some cases, require the judgment of the human being for interpretation and sensemaking 

(Collins, 2010). There are numerous forms of knowledge work which have both domains, 

hence, they require human–AI interaction that is coordinated. 
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According to the model, AI capabilities encompass data processing, pattern recognition, 

natural language understanding, predictive modeling, and automated execution. With these 

capabilities, AI systems can be on the forefront in performance augmentation of humans by, 

for example, trend identification, information summarization, and analytical insight creation 

on a large scale (Russell & Norvig, 2021). Nevertheless, the question of their efficiency is 

still partly dependent on how the human recipients of the outputs interpret and apply them. 

Moreover, the model describes the interaction between humans and AI as three different 

modes. First, in assistive settings, AI is regarded as a help tool that can humanly increase 

efficiency and accuracy. Second, in co-creative settings, AI and human workers mutually 

create outputs through the continuous interaction by, for example, ideation or analytical 

reasoning tasks. Third, in semi-autonomous settings, the AI systems perform the tasks with 

the least intervention of humans and are, however, subjected to oversight and validation 

(Amershi et al., 2019). These modes of interaction represent different levels of reliance on 

explicit and tacit knowledge. 

3.2 Methodological Approach 

Through a qualitative, integrative literature review method, this research has hybridized a 

plurality of conceptual spheres from management knowledge, organizational learning, 

artificial intelligence, and human–computer interactionthe aim being a synthesis of insights 

across these various research domains to eventually arrive at a single unified conceptual 

framework. Integrative reviews, in effect, are uniquely qualified to the purpose of conceptual 

framework development, as these allow for the reflection of such a framework as one 

analytical structure, woven from both the theoretical and the empirical perspectives (Torraco, 

2016). 

The study restricts itself to the literature embodied in academic journal articles, books, and 

conference proceedings that are closely related to the concepts of tacit and explicit 

knowledge, AI-enabled knowledge work, and human–AI collaboration. The literature was 

analyzed thematically to identify the recurring concepts, the theoretical tensions, and the 

emerging design principles. The authors have considered it worthy to track down those 

publications that treating AI as a technology to be augmentative rather than fully autonomous 

(Davenport & Kirby, 2016). 

The methodology adopted does not revolve around empirically testing hypotheses but rather 

emphasizes theory building and conceptual synthesis. This method enables the research to 

illuminate existing knowledge, detect gaps in current research, and suggest directions for 

future empirical investigations. By bringing together different perspectives from various 
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disciplines, the framework sets out to offer a structured guide to the combination of human 

and artificial intelligence in knowledge-intensive organizational settings. 

 

AI and the Management of Tacit and Explicit Knowledge 

4.1 AI and Explicit Knowledge 

Artificial intelligence reveals great success in areas where knowledge can be clearly defined, 

organized, and logically processed. Explicit knowledge - for example, rules, procedures, and 

information that has been documented - can be very well kept, analyzed, and made new by AI 

systems, which in turn makes it possible for companies to spread the use of knowledge to 

different departments and places (Nonaka & Takeuchi, 1995). Knowledge bases with AI-

supported indexing, classification, and retrieval functions become a means of getting the most 

relevant information and thus reducing the cognitive load on the knowledge worker. 

Moreover, AI-powered analytics and decision support tools open a path for organizations to 

get insights from large and intricate datasets. Machine learning models pinpoint trending, 

correlations, and anomalies that are very hard for humans to find without any help, thus 

leading to the strong of evidence-based decision making (Davenport & Ronanki, 2018). The. 

These options are the most valuable in milieus, which are characterized by a huge amount of 

information and a lack of time. 

Artificial intelligence also facilitates the routine knowledge tasks which are monotonous and 

repetitive to be carried out automatically. Technologies like robotic process automation and 

rule-based expert systems are able to perform the execution of standardized workflows at a 

high level of consistency and accuracy (Russell & Norvig, 2021). AI which frees human 

workers of such tasks, to them more time for work which needs interpretation, creativity, and 

strategic judgment. 

4.2 AI and Tacit Knowledge 

AI systems can easily handle explicit knowledge, but they do not directly work with tacit 

knowledge, which is, however, a more supportive kind of knowledge. The author Polanyi 

(1966) points out that tacit knowledge comes from human experiences, social interaction, and 

situational awareness and that it cannot be easily transformed into a system. Despite that, AI 

is capable of helping in unveiling those patterns and establishing regularities that mirror the 

part of tacent understanding. 

Advanced machine learning models, for example, are able to interpret complex data in the 

forms of images, texts, or signals and recognize hidden patterns. In medical or engineering 

areas, such programs may pinpoint exact symptoms or abnormalities thereby giving a new 
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edge to the expert’s intuition (Collins, 2010). The role of human judgment in interpreting 

such results along with knowledge of the situation cannot be ignored, though. 

AI may also influence the reproduction and growth of tacit knowledge by being a medium 

through which people collaborate and learn. Smart collaboration systems give 

recommendations about most suitable experts, resources, or previous experiences, thus 

enabling processes of socialization during which tacit knowledge gets shared naturally 

(Nonaka & Takeuchi, 1995). Moreover, interactive AI devices that offer feedback and 

clarifications can help people reflect on their decisions, thus, aiding the internalization of new 

competences and insights. 

While AI has been very helpful, it should not be thought of as a human possessing tacit 

knowledge. Its outputs are the results of statistical associations rather than an experience of 

the world which is why it is still very important for humans to have the control and make 

interpretations in knowledge-intensive works (Davenport & Kirby, 2016). 

 

Balancing Tacit and Explicit Knowledge in Human–AI Collaboration 

5.1 Complementary Roles of Humans and AI 

Human-ai collaboration, a most effective method, is based on the principle of 

complementarity, which means that both humans and smart systems possess different but 

connected capabilities. Artificially intelligent systems are incomparable in a world full of 

data mainly because they can quickly sort through information and run analytical tasks. On 

the other hand, the human brain can easily understand the context, make ethical decisions, 

and solve problems creatively since these are the areas where humans rely on tacit knowledge 

heavily (Polanyi, 1966; Davenport & Kirby, 2016). Therefore, rather than aiming at full 

automation, the best way for an organization to utilize AI is to empower human experts with 

it. 

One way this complementarity works is that AI can thus help the human decision-making 

process with analytical insights or by looking at the problem from a different angle. 

Experience and a deep understanding of the situation are then used by knowledge workers to 

make sense of these insights in the context of specific organizations and societies. This type 

of collaboration between humans and machines in the best way possible helps to alleviate the 

risks of human cognitive limitations as well as those of algorithmic processing. 

5.2 Task Allocation and Interaction Design 

Balancing tacit vs. explicit knowledge in human–AI systems is not automatic or trivial, and it 

depends on very intentional task allocation and interaction design. AI systems can be in 
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charge of tasks that rely on explicit knowledge only, for example, data aggregation, 

classification, or rule-based decision making, while humans keep supervisory control (Russell 

& Norvig, 2021). On the other hand, those tasks that require judgment under uncertainty, 

negotiation, or moral evaluation should be done by humans with the support of AI-generated 

information. 

However, most knowledge work activities are neither of the two extremes and have hybrid 

knowledge demands. In these instances co-creative interaction modes are especially helpful. 

AI can do the work of generating options, scenarios, or preliminary analyses, and then 

humans can refine, contextualize, and validate these using tacit understanding (Amershi et al., 

2019). Hence, designing interactive interfaces that enable users to query, change, and 

evaluate AI outputs is the key to successful collaboration. 

5.3 Organizational Practices and Knowledge Integration 

Organizational structures and practices are the main factors that help to keep the balance 

between tacit and explicit knowledge stable. Learning-oriented cultures that facilitate 

reflection, experimentation, and knowledge sharing allow employees to combine AI insights 

with their existing skills (Argote, 2013). In the absence of such cultural support, AI systems 

may become mere isolated technical tools without any impact on collective learning. 

Moreover, knowledge management systems have the potential to maintain this equilibrium by 

utilizing AI-driven methods for organizing explicit data while also incorporating human-

generated stories, annotations, and rationales. These contextual elements not only deepen the 

codified knowledge but also help future users to understand it better (Nonaka & Takeuchi, 

1995). Furthermore, governance mechanisms that focus on transparency, explainability, and 

accountability features, help in making sure that AI systems are supporting human decision-

making and not challenging it (Davenport & Kirby, 2016). 

In sum, these practices convey the message that the issue of balancing tacit and explicit 

knowledge in human–AI collaboration goes beyond technical aspects and is essentially 

organizational and managerial in nature. The effective collaboration is a result of the 

perpetual synchronization of technological possibilities, human competence, and institutional 

learning processes. 

 

Challenges and Emerging Issues 

6.1 Trust, Transparency, and Interpretability 

One of the difficulties in human-AI collaboration is figuring out how to trust AI-supported 

knowledge processes. A lot of advanced AI systems use complex models, which are hard for 

http://www.ijarp.com/


                                                        International Journal Advanced Research Publication 

www.ijarp.com                                                                                                                                                                                                                                 
       10 

 

users to understand, so they have problems with transparency and also question the reliability 

of those systems (Amershi et al., 2019). In knowledge-intensive and high-stakes areas, 

employees might not be willing to follow AI-generated suggestions if they do not understand 

how the decision was made. 

Moreover, the absence of interpretability can slow down learning because opaque systems 

hide the reasoning behind the results and thus, limit the possibilities of reflection. The 

research identifies the role of explainable AI and also the user interaction with the feedback 

system which allows users to question the system's results and understand the logic behind 

them (Russell & Norvig, 2021). If there are no such features, trust may decrease or users may 

be uncritically accepting of algorithmic results. 

6.2 Workforce Transformation and Skill Development 

The adoption of AI in knowledge work has a profound impact on the changing skills required 

and the roles of the professionals. As AI is taking over more and more tasks related to explicit 

knowledgesuch as data processing and routine analysishuman workers are being asked to 

engage more in activities that rely on tacit knowledge, for example, critical thinking, 

collaboration, and ethical judgment (Davenport & Kirby, 2016). Consequently, education and 

training systems find themselves challenged in this shift. 

Companies have to deal with the problem of facilitating lifelong learning and reskilling in 

order to keep their employees capable of effectively working with AI systems. In addition to 

technical skills, employees need to acquire the skills necessary to understand AI outputs, 

challenge algorithmic assumptions, and combine machine-generated insights with 

experiential knowledge. Not investing in these capabilities may lead to the risk of skill gaps 

widening and the human–AI collaboration effectiveness level decreasing. 

6.3 Ethical, Social, and Organizational Concerns 

Collaboration between humans and AI has the potential to raise different types of ethical and 

societal issues which in turn make knowledge management practices more complex. AI 

mechanisms that learn from past data may inherit or even escalate the biases that already 

exist in the data which means that they may select the outcomes in such a way that 

contradicts the organization's or society's ethical principles (Argote, 2013). In knowledge 

work, such biases may influence decisions to evaluate, to recommend, and to choose the 

strategies. 

Moreover, the issue of balancing augmentation and displacement has become a major 

concern. Although AI is mostly seen as a means to improve human capabilities, its less and 

less supervised operation is still a cause of anxiety in those knowledge workers whose jobs 
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are likely to be eliminated and in those who will lose their professional identity (Davenport & 

Ronanki, 2018). The way to eliminate such worries is to have clear governing frameworks 

which define accountability, ensure that humans still have control and that the use of AI is 

consistent with the social and organizational goals that are set for a long time. 

These issues, in fact, point to the necessity of not only technological progress but also proper 

organizational planning, ethical consciousness, and continuous development of human 

potential to be able to successfully integrate AI into knowledge work. 

 

Toward a Conceptual Model of Human–AI Knowledge Collaboration 

Building on the earlier discussions about tacit and explicit knowledge, this part puts forward 

a conceptual model that can help the designing and the checking of human-AI team working 

in knowledge-intensive environments. The model highlights the rhythmic matching of task 

requirements, human skills, and AI capabilities, thus acknowledging that to a great extent 

interaction rather than a static task division is responsible for the collaborative effectiveness 

(Nonaka & Takeuchi, 1995; Davenport & Kirby, 2016). 

7.1 Capability-Task Alignment 

The initial section of the model is concentrated on the methodical linking of AI capabilities 

with the knowledge that is necessary for the performance of particular tasks. Essentially, 

those tasks which are heavily relying on explicit knowledgelike structured analysis, 

information retrieval, and pattern detectioncan be performed with AI assistance. On the 

contrary, tasks which include ambiguity, judgment, and contextual interpretation require a 

human to a great extent, as these activities depend on tacit knowledge (Polanyi, 1966; 

Collins, 2010). 

Instead of trying to substitute human expertise with AI, the model suggests extending human 

cognitive capacity with AI by getting timely insights and alternative perspectives. This 

matching is a way of ensuring that AI is an enabling resource which can still facilitate human 

sensemaking. 

7.2 Interaction and System Design 

Another component of the model emphasizes the role of interaction design in enabling 

efficient human-AI collaboration. Through interfaces and workflows, users should be 

empowered to interact with AI systems in a dynamic way by challenging assumptions, 

changing parameters, and giving feedback. This two-way interaction not only supports 

learning but also facilitates the integration of AI-generated outputs into the user's existing 

knowledge framework (Amershi et al., 2019). 
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This component is mainly centered on design principles such as explainability and 

transparency. When a system illustrates its reasoning, the user gets the opportunity to 

understand the pertinence and the borderlines of the AI suggestions. This strengthens trust 

and makes it possible for the users to make decisions that are well-informed (Russell & 

Norvig, 2021). 

7.3 Organizational Learning and Feedback Loops 

The last component of the model focuses on mechanisms of organizational learning that 

provide the basis for collaboration over a period of time. Understanding the context, making 

judgments, and learning from the experience are examples of human insights that come from 

interactions with AI systems. These insights are a kind of valuable tacit knowledge and 

therefore must be recorded and fed back as organizational knowledge assets (Argote, 2013). 

Feedback loops provide the organizations with the possibility of improving AI systems by 

showing how they can be used in real life. At the same time, these organizations'' loops of 

feedback also facilitate the rise of the collective human knowledge. By the incessant 

renewing of both the technological models and the human practices, companies can build up 

knowledge ecosystems that are flexible and where tacit and explicit knowledge can develop 

side by side (Nonaka & Takeuchi, 1995). 

To sum up, the model presented accentuates that collaboration between human and AI for the 

purpose of knowledge is a recursive and socio-technical process. The success of this 

collaboration hinges on the synergy among technological design, human expertise, and 

organizational learning structures. 

 

CONCLUSION 

The rising use of AI technologies in knowledge-intensive work is changing the way 

organizations create, manage, and apply knowledge. This research has reviewed human-AI 

collaboration from the perspective of tacit and explicit knowledge. The paper stresses that 

effectiveness of AI in the knowledge field should not be measured by the extent to which it 

can replace human expert, but rather by the degree to which it can complement human 

expertise. AI systems are powerful in the handling and dissemination of explicit knowledge, 

but humans are still indispensable in activities that derive from contextual understanding, 

experiential judgment, and ethical reasoning (Polanyi, 1966; Davenport & Kirby, 2016). 

The study points to the fact that alignment among task features, technological potential, and 

human skills is a prerequisite for productive human-AI collaboration. AI, if properly utilized, 

can support decision-making, enhance learning, and facilitate sensemaking thus human 
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cognitive capacity can be expanded without losing the value of tacit knowledge (Nonaka & 

Takeuchi, 1995). On the other hand, disregarding the tacit aspects of knowledge work may 

lead to excessive trust in algorithmic outputs and the gradual loss of human judgment. 

From an organizational angle, the implications point to the significance of culture focused on 

learning, transparency in the design of the system, and governance mechanisms that secure 

accountability and trust in AI-enabled processes (Argote, 2013; Amershi et al., 2019). 

Workforce development should not be left behind, as knowledge workers are to be equipped 

with new skills for interpreting and collaborating with AI systems in ever-changing 

environments. 

Moreover, the paper addresses a pressing issue in the future work discourse and serves as a 

conceptual base for the study of the human–AI knowledge collaboration. Subsequent 

inquiries should take the empirical route to investigate how tacit and explicit knowledge 

relate to each other in different fields and what are the consequences of AI adoption for 

organizational learning, professional identity, and ethical practice in the long run (Russell & 

Norvig, 2021). By keeping a proper balance between human and artificial intelligence, firms 

will be able to exploit the benefits of AI and at the same time maintain the aspects of 

knowledge work that are uniquely human. 
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