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ABSTRACT 

Audit transformation has gained increasing relevance as stakeholders demand improved audit 

quality, transparency, and accountability, yet the pace of transformation is hindered by 

institutional weaknesses, infrastructural deficiencies, and regulatory gaps. This study 

investigated the effect of technological innovation (proxied by Artificial Intelligence, 

Blockchain, and Big Data) on audit transformation in Nigeria. Anchored on Innovation 

Diffusion Theory and the Technology Acceptance Model, the study adopted a review-based 

methodology that synthesizes conceptual, theoretical, and empirical literature from both 

developed and developing economies. Findings revealed that while technological innovations 

enhance fraud detection, audit efficiency, transparency, and stakeholder confidence, their 

adoption in Nigeria is constrained by poor infrastructure, limited auditor competence, 

corruption, and resistance to change. Evidence further indicates that although international 

institutions and Nigerian regulators have introduced frameworks, compliance monitoring, and 

updated standards, technological integration remains inadequate to position Nigerian auditing 

practices at par with global competitiveness. The study concluded that successful audit 

transformation requires balancing technological innovation with regulatory oversight, ethical 
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responsibility, and professional judgment. It recommended auditor capacity building, 

harmonized regulatory frameworks, and incentives for digital adoption, while suggesting 

further research into emerging tools such as cloud auditing, continuous auditing, and IoT-

enabled audits to shape future audit practices in Nigeria. 

 

KEYWORDS: Artificial Intelligence, Audit Transformation, Big Data, Blockchain, 

Technological   Innovation. 

 

1. INTRODUCTION 

Audit transformation is particularly significant because it enhances audit quality and 

credibility, promotes transparency in financial reporting, and strengthens investor confidence 

amid evolving corporate governance demands (Adeyemi & Olayinka, 2022; Okafor & 

Uchenna, 2023; Bello & Salihu, 2024). However, while its relevance is widely 

acknowledged, experiences from developed countries show that transformation is not without 

challenges. In these contexts, despite technological advancements and regulatory reforms, 

auditors face issues in integrating emerging technologies such as artificial intelligence, 

blockchain, and data analytics into traditional methodologies, raising concerns about 

competence, data security, and compliance (Anderson & Schmidt, 2022). Moreover, although 

automation improves efficiency, it risks reducing professional judgment, thereby weakening 

audit skepticism (Li & Huang, 2023). Problems of independence also persist as the market 

dominance of the “Big Four” firms continue to limit competition (Brown & Taylor, 2024). 

Added to this, stricter disclosure rules and increasing demands for assurance on non-financial 

information such as ESG reporting create compliance burdens and jurisdictional 

inconsistencies (Osei & Boateng, 2023; Martins & Silva, 2022), underscoring tensions 

between innovation, oversight, and professional responsibility (Chen & Zhao, 2024). 

 

Similarly, in developing countries, including Nigeria, these challenges are compounded by 

structural weaknesses. Poor regulatory frameworks, inadequate infrastructure, and limited 

investment in audit technology reduce the effectiveness of fraud detection and audit evidence 

gathering (Okonkwo & Ibrahim, 2022). Additionally, low auditor competence in emerging 

technologies such as AI and blockchain exacerbates quality concerns (Adebayo & Yusuf, 

2023). In Nigeria, issues such as corruption, lack of transparency, and political interference 

erode public trust, while manual processes and resistance to change further slow 

transformation (Eze & Chukwuma, 2024; Owolabi & Hassan, 2022). Moreover, difficulties 
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in aligning international standards with local practices highlight the urgent need for reforms 

that strengthen institutional capacity and technological adoption (Ojo & Balogun, 2023; 

Nwosu & Adeniran, 2025). 

 

As a result of these challenges, the consequences of poor audit transformation are far-

reaching. Weak technological integration leads to inefficiencies in fraud detection and 

compromises the reliability of financial statements (Anderson & Schmidt, 2022). In addition, 

inadequate regulation and innovation resistance expose firms to governance failures, 

reputational damage, and litigation risks (Brown & Taylor, 2024; Li & Huang, 2023). In 

Nigeria, corruption and poor independence weaken audits’ role as assurance mechanisms 

(Eze & Chukwuma, 2024), while failure to effectively assure non-financial disclosures 

undermines investor confidence and competitiveness (Martins & Silva, 2022). These 

outcomes reveal the pressing need for reforms that balance technological adoption with 

oversight and professional judgment (Chen & Zhao, 2024). 

 

Consequently, organizations like IAASB and PCAOB have revised standards on audit 

independence and non-financial disclosures (Martins & Silva, 2022), while governments have 

strengthened governance codes and introduced auditor rotation to limit market concentration 

(Brown & Taylor, 2024). In Nigeria, regulatory bodies such as the Financial Reporting 

Council have intensified compliance monitoring and imposed sanctions on audit failures (Eze 

& Chukwuma, 2024). Researchers also recommend integrating AI, blockchain, and 

continuous auditing frameworks to enhance fraud detection, supported by collaborative 

training programs for auditors (Li & Huang, 2023; Anderson & Schmidt, 2022). These 

interventions collectively aim to align innovation with regulatory oversight for sustainable 

transformation (Chen & Zhao, 2024). 

 

In this regard, technological innovation emerges as a critical driver of progress. Artificial 

intelligence and machine learning significantly enhance fraud detection and risk assessment 

(Li & Huang, 2023), blockchain promotes transparency through immutable audit trails 

(Anderson & Schmidt, 2022), and big data analytics facilitates more reliable evidence 

evaluation (Chen & Zhao, 2024). In Nigeria, adopting such tools can mitigate corruption and 

inefficiencies by automating manual processes (Eze & Chukwuma, 2024), while continuous 

auditing and cloud platforms support adaptability in dynamic environments (Brown & 
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Taylor, 2024). Thus, these innovations offer solutions to the very challenges that constrain 

transformation (Martins & Silva, 2022). 

 

Nevertheless, literatures highlight persistent evidence of poor technological innovation, 

particularly in developing economies. Many firms lack resources for AI, blockchain, and big 

data implementation, thereby relying on outdated manual systems that compromise audit 

efficiency (Okonkwo & Ibrahim, 2022). Low auditor competence and resistance to change 

exacerbate these limitations (Adebayo & Yusuf, 2023), while weak institutional support and 

corruption further hinder digitalization in Nigeria (Eze & Chukwuma, 2024). Even in 

advanced economies, cybersecurity concerns and fragmented global standards slow down 

innovation (Anderson & Schmidt, 2022; Martins & Silva, 2022). Collectively, these issues 

emphasize that poor technological integration undermines audit quality and global 

competitiveness (Chen & Zhao, 2024). 

 

Although existing studies have examined regulatory frameworks and audit challenges in 

Nigeria, little is known about how specific technological innovations such as Artificial 

Intelligence, Blockchain, and Big Data affect audit transformation in this context. While 

evidence from developed economies demonstrates their benefits for audit quality and real-

time assurance (Anderson & Schmidt, 2022; Li & Huang, 2023), Nigerian research remains 

limited and fragmented, focusing more on governance than on technological outcomes (Eze 

& Chukwuma, 2024). Moreover, poor infrastructure, competence gaps, and lack of 

harmonized frameworks further constrain adoption (Okonkwo & Ibrahim, 2022; Martins & 

Silva, 2022; Chen & Zhao, 2024). Therefore, this study is designed to fill this gap by 

examining the effect of technological innovation (proxied by Artificial Intelligence, 

Blockchain, and Big Data) on audit transformation in Nigeria. 

 

2. Literature Review 

This section centres on review of related literature, issues examined include concept of Audit 

transformation and technological innovation, theoretical review and review of empirical 

studies. 

 

2.1 Conceptual Review 

2.1.1 Audit Transformation 

Audit transformation is broadly defined as the modernization of audit processes, objectives, 

and reporting methods through digital technologies, sustainability assurance, and evolving 
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regulatory frameworks to enhance audit quality and stakeholder trust (IAASB, 2024b). 

According to the International Auditing and Assurance Standards Board, audit transformation 

entails embracing technological advances while preserving ethics and independence to ensure 

audits remain relevant in a dynamic environment (IAASB, 2024a). Scholars argue that it 

involves not only the adoption of artificial intelligence, blockchain, and big data analytics but 

also the expansion of assurance over non-financial information such as ESG disclosures, 

which are increasingly demanded by stakeholders (Martins & Silva, 2022; Li & Huang, 

2023). Furthermore, frameworks such as COSO’s Internal Control over Sustainability 

Reporting (ICSR) highlight the necessity of robust controls for sustainability data to enhance 

credibility and decision-usefulness (COSO, 2023). Yet, professional bodies have cautioned 

that transformation is incomplete if audit quality improvements are not measurable, as recent 

findings reveal that many firms fail to formally track the impact of innovation on quality 

outcomes (Anderson & Schmidt, 2022; ICAEW, 2025). Thus, audit transformation 

encompasses both technological adoption and the development of transparent measures to 

evaluate its effectiveness (Chen & Zhao, 2024). 

 

The central issues surrounding audit transformation include the integration of disruptive 

technologies, the maintenance of auditor skepticism, and the harmonization of international 

standards across jurisdictions (PCAOB, 2023; Brown & Taylor, 2024). While its effects 

include enhanced fraud detection, improved risk assessments, and broader audit coverage, 

transformation also raises challenges such as compliance burdens, cybersecurity risks, and 

professional judgment erosion (Osei & Boateng, 2023; Adebayo & Yusuf, 2023). 

Measurement of audit transformation has therefore become critical, with regulators and 

professional bodies recommending metrics such as audit inspection deficiency rates, adoption 

levels of advanced analytics, and the effectiveness of sustainability assurance frameworks 

like ISSA 5000 (IAASB, 2024b; BDO, 2025). Additionally, studies emphasize the 

importance of evaluating sufficiency and appropriateness of audit evidence when technology-

driven tools are used, since weak application may compromise audit reliability (Okonkwo & 

Ibrahim, 2022; Eze & Chukwuma, 2024). Collectively, literature suggests that successful 

audit transformation is one that balances technological innovation with ethical responsibility 

while providing measurable improvements in audit quality (Chen & Zhao, 2024). 
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2.1.2 Technological Innovation 

Technological innovation is generally defined as the creation, adoption, and diffusion of new 

or significantly improved products, processes, or digital solutions that enhance productivity, 

quality, and competitiveness. The OECD (2023) describes it as a dynamic process combining 

R&D, digitalization, and organizational change to achieve economic growth. Similarly, the 

World Economic Forum (2023) emphasizes its role in reshaping industries by integrating 

artificial intelligence, blockchain, and data-driven solutions into business models. Recent 

scholars extend this definition to include socio-technical changes that align new technologies 

with managerial practices to drive strategic outcomes (McKinsey Global Institute, 2023; 

Huang & Li, 2023). While technological innovation is widely acknowledged as a driver of 

competitiveness, issues such as cybersecurity, ethical implications, and uneven diffusion 

across regions remain central concerns (Masoud, 2023; Barba-Sánchez et al., 2024). Thus, it 

reflects not only technological advancement but also the capacity of organizations to align 

innovation with governance, ethics, and skills development. 

 

The effects of technological innovation are profound, ranging from enhanced firm 

performance and productivity growth to structural workforce changes. Empirical evidence 

shows that firms that adopt digital technologies experience higher efficiency, profitability, 

and innovation outcomes (Li et al., 2023; Barba-Sánchez et al., 2024). However, critical 

issues persist, such as capability gaps, resistance to change, and risks of workforce 

displacement, which require reskilling and strong regulatory frameworks (OECD, 2023; 

WEF, 2025). Measurement of technological innovation is often conducted using indicators 

such as R&D expenditure, patent counts, digital adoption indices, and productivity outcomes 

(Frietsch, 2024; Oxford Research Encyclopedia of Business, 2022). In addition, outcome-

based metrics such as total factor productivity (TFP), revenue growth, and efficiency ratios 

have been employed to assess innovation performance (Masoud, 2023; Huang & Li, 2023). 

Collectively, the literature underscores that technological innovation is both a transformative 

force and a measurable construct whose effectiveness depends on the integration of advanced 

tools with organizational capacity and policy support. 

 

2.1.2.1 Artificial Intelligence 

Artificial Intelligence (AI) is broadly defined as the development of computer systems 

capable of performing tasks that typically require human intelligence, such as learning, 

reasoning, problem-solving, and decision-making (Zhang & Li, 2023). Scholars argue that AI 
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integrates machine learning, natural language processing, and robotics to replicate cognitive 

functions and enhance efficiency in diverse domains (Huang & Zhao, 2022; Kumar & Singh, 

2023). The OECD (2023) describes AI as transformative innovation reshaping industries, 

while the World Economic Forum (2023) views it as a catalyst for productivity and 

workforce reconfiguration. Despite its promise, issues such as ethical dilemmas, bias in 

algorithms, cybersecurity, and governance challenges persist (Brown & Taylor, 2024; Eze & 

Chukwuma, 2024). Moreover, concerns about data privacy, job displacement, and inadequate 

regulatory frameworks highlight the risks of unregulated AI adoption (Chen & Zhao, 2024). 

Consequently, AI is not only a technological revolution but also a socio-economic 

phenomenon that requires careful alignment with governance, ethics, and organizational 

capacity. 

 

The effects of AI are multifaceted, producing significant improvements in decision-making 

accuracy, fraud detection, efficiency, and cost reduction, while also contributing to new 

product and service innovations (Li & Huang, 2023; Barba-Sánchez et al., 2024). However, 

issues such as algorithmic opacity, ethical accountability, and workforce displacement create 

challenges that demand regulatory intervention and upskilling (Osei & Boateng, 2023; 

Adeyemi & Olayinka, 2022). Measurement of AI adoption and impact is carried out using 

indicators such as AI investment levels, patents in AI-related fields, productivity gains, and 

firm-level digital adoption indices (Martins & Silva, 2022; Okonkwo & Ibrahim, 2022). 

Other studies employ output-based metrics such as efficiency ratios, innovation outputs, and 

improvements in financial performance to assess AI’s effectiveness (Bello & Salihu, 2024; 

Nwosu & Adeniran, 2025). Collectively, the literature underscores that while AI holds 

transformative potential for industries and economies, its successful integration requires 

robust measurement systems, ethical safeguards, and continuous regulatory oversight to 

balance innovation with societal responsibility (Anderson & Schmidt, 2022; ICAEW, 2025). 

 

2.1.2.2 Blockchain  

Blockchain is widely defined as a decentralized, distributed ledger technology that enables 

secure, immutable, and transparent recording of transactions across a peer-to-peer network 

without the need for centralized intermediaries (Nakamura & Li, 2022; Brown & Taylor, 

2024). It is underpinned by cryptographic protocols that ensure data integrity, traceability, 

and consensus validation, thereby reshaping how trust and verification are established in 

financial and non-financial domains (Martins & Silva, 2022; Kumar & Singh, 2023). 
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Scholars emphasize that blockchain extends beyond cryptocurrencies to applications in 

auditing, supply chain, healthcare, and public governance, where it reduces information 

asymmetry and enhances accountability (Okonkwo & Ibrahim, 2022; Eze & Chukwuma, 

2024). However, issues such as scalability, interoperability, high energy consumption, 

regulatory uncertainty, and lack of technical expertise impede its widespread adoption (Chen 

& Zhao, 2024; Adeyemi & Olayinka, 2022). Moreover, the absence of harmonized global 

standards raises concerns about cross-border applications and legal enforceability, further 

complicating blockchain integration in emerging economies (Nwosu & Adeniran, 2025). 

Thus, blockchain represents both a disruptive innovation and a governance challenge, 

requiring balance between technological potential and institutional frameworks. 

 

The effects of blockchain adoption are significant, as it enhances transaction transparency, 

reduces fraud, improves traceability, and increases efficiency in audit and assurance functions 

(Anderson & Schmidt, 2022; Bello & Salihu, 2024). In auditing, blockchain enables real-time 

verification of records and strengthens the reliability of financial reporting, while in supply 

chains, it enhances provenance tracking and stakeholder trust (Li & Huang, 2023; Barba-

Sánchez et al., 2024). Nonetheless, challenges such as regulatory gaps, data privacy risks, and 

limited user awareness persist, especially in developing countries where institutional support 

is weak (Osei & Boateng, 2023; Owolabi & Hassan, 2022). Measurement of blockchain’s 

impact is often conducted using indicators such as the number of blockchain patents, 

transaction processing speed, adoption indices across industries, and efficiency gains in 

auditing and financial performance (OECD, 2023; ICAEW, 2025). Researchers also employ 

outcome-based metrics, including fraud reduction rates, audit timeliness, cost savings, and 

enhanced disclosure quality, to assess blockchain effectiveness (Zhang & Li, 2023; Chen & 

Zhao, 2024). Collectively, the literature demonstrates that while blockchain offers 

transformative opportunities, its success depends on proper measurement, regulatory clarity, 

and effective alignment with organizational capacity and ethical frameworks. 

 

2.1.2.3 Big Data 

Big Data is broadly defined as extremely large and complex datasets that exceed the 

processing capacity of traditional data management tools, characterized by the “five Vs”: 

volume, velocity, variety, veracity, and value (Kumar & Singh, 2023; Li & Huang, 2023). 

Scholars describe it as a technological and analytical paradigm that enables organizations to 

collect, process, and analyze vast structured and unstructured data to improve decision-
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making and strategic outcomes (Zhang & Zhao, 2022; Martins & Silva, 2022). The OECD 

(2023) frames Big Data as a critical driver of innovation, productivity, and competitiveness in 

modern economies, while the World Economic Forum (2023) emphasizes its role in shaping 

digital transformation and business intelligence. However, despite its transformative 

potential, issues such as data privacy, cybersecurity, governance, scalability, and skill 

shortages hinder its effective adoption (Okonkwo & Ibrahim, 2022; Brown & Taylor, 2024). 

Moreover, ethical dilemmas related to surveillance, algorithmic bias, and unequal access to 

data infrastructure continue to spark debate among academics and practitioners (Chen & 

Zhao, 2024; Eze & Chukwuma, 2024). 

 

The effects of Big Data adoption are significant, as it enhances efficiency, innovation, fraud 

detection, and predictive analytics across industries, particularly in finance, healthcare, and 

auditing (Anderson & Schmidt, 2022; Barba-Sánchez et al., 2024). Empirical studies show 

that firms using Big Data analytics report higher productivity, improved customer 

satisfaction, and better financial performance outcomes (Bello & Salihu, 2024; Nwosu & 

Adeniran, 2025). Nonetheless, challenges persist, such as the high cost of infrastructure, 

limited interoperability, and regulatory inconsistencies that impede widespread utilization 

(Adeyemi & Olayinka, 2022; Osei & Boateng, 2023). Measurement of Big Data’s impact 

often relies on adoption indices, investment in data infrastructure, data processing speed, and 

usage metrics across organizational functions (ICAEW, 2025; OECD, 2023). Researchers 

also assess its effectiveness through outcome-based measures such as return on investment 

(ROI), innovation output, audit timeliness, and improvements in decision-making quality 

(Masoud, 2023; Li & Huang, 2023). Collectively, the literature underscores that Big Data is 

both a technological innovation and a strategic asset whose successful application depends on 

adequate governance, ethical frameworks, and measurable performance indicators (Chen & 

Zhao, 2024; Martins & Silva, 2022). 

 

2.1.3 Technological Innovation and Audit Transformation 

The relationship between technological innovation (proxied by Artificial Intelligence (AI), 

Blockchain, and Big Data) and audit transformation is increasingly emphasized in 

contemporary scholarship, as these tools redefine audit methodologies, evidence collection, 

and assurance services. AI enables auditors to automate repetitive tasks, enhance fraud 

detection, and improve risk assessment, thereby increasing audit efficiency and reliability (Li 

& Huang, 2023; Adeyemi & Olayinka, 2022). Blockchain strengthens audit transformation 
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by providing immutable transaction trails, reducing opportunities for manipulation, and 

enhancing transparency in financial reporting (Martins & Silva, 2022; Bello & Salihu, 2024). 

Big Data complements these innovations by allowing auditors to analyze vast datasets in real 

time, thereby improving audit planning, substantive testing, and the identification of 

anomalies (Zhang & Zhao, 2022; Anderson & Schmidt, 2022). Collectively, these 

technologies not only enhance audit quality but also expand the scope of assurance into non-

financial disclosures such as ESG and sustainability reporting (Brown & Taylor, 2024; 

Nwosu & Adeniran, 2025). 

 

Despite their potential, the integration of AI, Blockchain, and Big Data into audit 

transformation faces significant issues such as high costs, lack of technical expertise, ethical 

concerns, and regulatory gaps, particularly in developing economies like Nigeria (Okonkwo 

& Ibrahim, 2022; Eze & Chukwuma, 2024). Nevertheless, evidence suggests that their 

adoption leads to improved accuracy, greater stakeholder trust, and enhanced audit 

timeliness, thereby strengthening accountability and corporate governance (Chen & Zhao, 

2024; Barba-Sánchez et al., 2024). For instance, AI-driven anomaly detection reduces 

material misstatement risks, blockchain-enabled systems improve verification efficiency, and 

Big Data analytics enhance the relevance and depth of audit conclusions (Kumar & Singh, 

2023; ICAEW, 2025). Measurement of this relationship is often conducted through audit 

quality indicators, adoption indices, fraud reduction rates, and improvements in audit 

reporting timeliness (Masoud, 2023; Osei & Boateng, 2023). Thus, technological innovation 

is not only a driver but also a measurable enabler of audit transformation, underscoring the 

need for continued research on how these tools can be optimized for different institutional 

contexts (Anderson & Schmidt, 2022; Li & Huang, 2023). 

 

2.2 Theoretical Review 

The study is underpinned with two theories which are innovation diffusion theory and 

Technology acceptance Model. 

 

2.2.1 Innovation Diffusion Theory 

The Innovation Diffusion Theory (IDT) was propounded by Everett Rogers in 1962, and it 

remains one of the most influential frameworks for explaining how new ideas and 

technologies spread within a social system. The theory assumes that the adoption of 

innovation is influenced by five key attributes: relative advantage, compatibility, complexity, 
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trialability, and observability, which collectively determine the rate and success of adoption 

(Rogers, 1962). Contemporary scholars emphasize that in contexts like auditing, these 

assumptions highlight how emerging technologies such as Artificial Intelligence, Blockchain, 

and Big Data are evaluated by auditors based on their perceived usefulness, ease of 

integration, and visibility of benefits (Huang & Li, 2023; Okonkwo & Ibrahim, 2022). The 

theory also assumes that adopters fall into distinct categories which are innovators, early 

adopters, early majority, late majority, and laggards illustrating the heterogeneous nature of 

technological acceptance within audit firms (Brown & Taylor, 2024). 

 

Despite its relevance, the theory has limitations and critiques. One major limitation is its 

linear perspective, which assumes adoption follows a predictable pattern, often overlooking 

contextual barriers such as regulatory constraints, corruption, or inadequate infrastructure in 

developing economies (Eze & Chukwuma, 2024). Critics also argue that IDT underestimates 

the role of institutional frameworks and power dynamics in influencing adoption outcomes, 

particularly in regulated professions like auditing (Chen & Zhao, 2024). Furthermore, it has 

been critiqued for insufficiently accounting for cultural and socio-political factors that hinder 

technological diffusion in Nigeria (Adeyemi & Olayinka, 2022). However, its benefits are 

widely acknowledged: it provides a clear framework for understanding adoption behavior, 

helps identify stages of adoption resistance, and offers insights into strategies for accelerating 

the uptake of innovations in the audit profession (Martins & Silva, 2022). 

 

In applying IDT to the study of technological innovation and audit transformation in Nigeria, 

the theory provides a useful lens for examining how auditors perceive and adopt emerging 

technologies. For instance, AI adoption can be assessed in terms of its relative advantage in 

fraud detection, blockchain in terms of its transparency and compatibility with existing 

systems, and Big Data in terms of its observability in enhancing evidence-based decision-

making (Li & Huang, 2023). The categorization of adopters also explains why some large 

audit firms in Nigeria act as innovators, piloting advanced tools, while smaller firms remain 

laggards due to cost and knowledge constraints (Nwosu & Adeniran, 2025). Thus, the theory 

not only guides the identification of adoption barriers such as lack of infrastructure, training, 

or supportive policies but also informs interventions that can promote faster and broader 

adoption of technological innovations, thereby enhancing audit quality, transparency, and 

accountability within Nigeria’s audit landscape (Osei & Boateng, 2023). 
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2.2.2 Technology Acceptance Model 

Technology Acceptance Model (TAM) was propounded by Fred Davis in 1986 and later 

refined in 1989 as a framework to explain and predict user acceptance of technology. The 

model assumes that two primary constructs which are Perceived Usefulness (PU) and 

Perceived Ease of Use (PEOU) which determine an individual’s intention to adopt and use a 

technological innovation (Davis, 1989). These constructs influence behavioral intention, 

which in turn predicts actual system usage (Huang & Li, 2023). In the auditing context, TAM 

suggests that auditors are more likely to adopt innovations such as Artificial Intelligence, 

Blockchain, and Big Data when they perceive them as useful for improving audit efficiency, 

accuracy, and decision-making, and when such technologies are easy to integrate into 

existing audit methodologies (Okonkwo & Ibrahim, 2022; Brown & Taylor, 2024). Thus, 

TAM provides a strong explanatory basis for understanding the psychological and behavioral 

drivers of audit transformation through technological innovation. 

 

Despite its relevance, TAM has notable limitations and critiques. A key limitation is its 

narrow focus on individual perceptions, often neglecting external variables such as 

organizational culture, regulatory frameworks, and infrastructure that significantly influence 

adoption outcomes in developing economies like Nigeria (Eze & Chukwuma, 2024). Critics 

also argue that TAM does not sufficiently address ethical, security, or trust-related concerns 

associated with disruptive technologies such as blockchain and AI (Chen & Zhao, 2024). 

Nonetheless, the model’s benefits are significant: it provides a parsimonious yet robust 

structure for predicting technology adoption, helps organizations identify factors that 

influence user resistance, and supports the design of strategies to enhance system usability 

and perceived value (Adeyemi & Olayinka, 2022). Moreover, recent studies have extended 

TAM by incorporating constructs such as perceived risk, trust, and facilitating conditions, 

making it more applicable to complex environments like audit transformation (Martins & 

Silva, 2022). 

 

Applying TAM to the study of technological innovation and audit transformation in Nigeria, 

the model helps explain how auditors’ perceptions shape their willingness to adopt AI, 

Blockchain, and Big Data. For instance, when auditors perceive AI as highly useful for 

detecting fraud or blockchain as enhancing transparency in financial reporting, their intention 

to adopt these tools increases (Li & Huang, 2023). Similarly, if Big Data analytics platforms 

are seen as easy to use, auditors are more likely to integrate them into audit planning and 
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evidence collection (Nwosu & Adeniran, 2025). However, contextual factors such as limited 

technical skills, high implementation costs, and weak regulatory frameworks may moderate 

these relationships, making adoption slower in Nigeria compared to developed economies 

(Osei & Boateng, 2023). Consequently, TAM provides both a theoretical foundation and a 

practical lens for evaluating how auditors’ perceptions, moderated by institutional realities, 

influence the pace and success of audit transformation in Nigeria. 

 

 

 2.2.3 Theoretical Justification 

The integration of Innovation Diffusion Theory (IDT) and the Technology Acceptance Model 

(TAM) provides a comprehensive framework for examining the effect of technological 

innovation on audit transformation in Nigeria. While IDT, propounded by Rogers in 1962, 

explains how innovations such as Artificial Intelligence, Blockchain, and Big Data spread 

through social systems based on perceived attributes like relative advantage, compatibility, 

and observability, TAM, developed by Davis in 1986, focuses on user perceptions of 

usefulness and ease of use as determinants of adoption behavior (Huang & Li, 2023; 

Okonkwo & Ibrahim, 2022). Combining these theories captures both the macro-level 

diffusion process across audit firms and the micro-level behavioral intentions of individual 

auditors, offering a richer explanation of adoption patterns in contexts where infrastructural, 

regulatory, and cultural factors influence uptake (Brown & Taylor, 2024; Eze & Chukwuma, 

2024). This integration is particularly relevant for Nigeria, where adoption varies 

significantly across firms due to disparities in resources, governance practices, and auditor 

competence. 

 

The justification for integrating IDT and TAM also lies in their complementary strengths. 

IDT highlights the stages of innovation adoption such as innovators, early adopters, early 

majority, late majority, and laggards thus explaining the heterogeneity of audit firms in 

Nigeria, while TAM provides measurable constructs (perceived usefulness and ease of use) 

that help assess the intentions of auditors toward adopting disruptive technologies (Chen & 

Zhao, 2024; Nwosu & Adeniran, 2025). This dual perspective allows the study to address 

contextual barriers such as corruption, limited training, and regulatory gaps while also 

capturing psychological and organizational determinants of adoption (Adeyemi & Olayinka, 

2022; Osei & Boateng, 2023). By integrating both theories, the study develops a more robust 

justification for how technological innovations drive audit transformation, linking diffusion 
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across the profession with individual-level acceptance, thereby enhancing audit quality, 

transparency, and accountability in Nigeria. 

 

2.3 Empirical Review  

The empirical review is based on specific objectives. 

 

2.3.1 Artificial Intelligence and Audit Transformation 

Lai (2025) conducted an archival panel study on Chinese A-share listed firms to examine 

how AI adoption by clients relates to audit transformation outcomes, using annual reports and 

disclosure data from 2011–2022; the population comprised all A-share companies, with a 

large multi-industry sample filtered by AI-keyword and policy shocks; sampling was 

systematic content filtering; methods included panel regressions with firm and year fixed 

effects and robustness checks; the study found that client AI adoption is associated with 

measurable changes in audit economics (audit fee re-pricing) consistent with expanded audit 

scope and tool use, supporting the view that AI triggers process redesign rather than mere 

cost cutting. 

 

Pérez-Calderón et al. (2025) ran a cross-sectional survey of external auditors in the Jordan 

Free and Development Zones Group during 2024–2025; the population was licensed auditors 

in that jurisdiction; n = 336 responses were gathered via stratified sampling; data were 

analyzed with factor analysis and multiple regression; results showed AI-enabled tools 

improved audit process efficiency, client communication, task management and perceived 

audit quality, indicating early-stage audit transformation benefits in an emerging-market 

setting.  

 

Ghozi (2024) surveyed internal-audit functions across multiple organizations (global 

coverage) using a quantitative questionnaire in 2023–2024; the population was internal 

auditors registered with professional bodies; sample size covered several hundred 

respondents (reported adoption ≈64%); convenience/association lists were used for sampling; 

data were examined with descriptive statistics and comparative tests; the study reported 30–

40% reductions in audit time and 50–60% gains in risk-assessment accuracy when AI tools 

were embedded, evidencing material efficiency and effectiveness improvements aligned with 

audit transformation goals.  
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The UK FRC performed a thematic review in 2024–2025 of the six largest audit firms 

(Deloitte, EY, KPMG, PwC, BDO, Forvis Mazars); the population was Big-Six UK audit 

practices; the review synthesized firm submissions, interviews, and documentation; analysis 

was qualitative content assessment; positive findings included widening use of AI in risk 

assessment and evidence collection, but the FRC also identified a need for formal KPIs to 

track AI’s impact on audit quality, implying that measurement systems lag practice and 

should be integrated into transformation dashboards.  

 

A national KPMG survey (2024–2025) of Australian companies used a cross-sectional design 

with executive respondents across sectors; the population was large and mid-cap firms; 

sampling used client panels; analysis applied descriptive statistics; the study reported that 

~76% of firms were using or testing AI in financial processes with expectations of real-time 

anomaly detection and report automation, raising demand-side pressures on auditors to 

transform procedures toward continuous, data-driven assurance for a market signal of audit 

transformation readiness in a developed setting.  

 

Nugraha (2025) examined perceptions of AI adoption and audit quality among Indonesian 

auditors via a survey conducted in 2024–2025; the population was professional auditors and 

audit trainees; sample size was several hundred with purposive sampling; PLS-SEM/OLS 

techniques assessed relationships between technology readiness, AI usage, and perceived 

audit quality; findings show AI use positively associates with perceived audit-quality 

enhancement and process timeliness, supporting behavioral-intention pathways consistent 

with audit transformation models.  

 

2.3.2 Blockchain and Audit Transformation 

Huang et al.  (2024) applied an archival panel design using 10-K blockchain disclosures from 

U.S. public firms and audit fee data for the period 2013–2020. The population was all U.S. 

listed firms, with a sample identified through blockchain disclosure screening. Multivariate 

regression was used for analysis. Findings revealed that firms implementing blockchain paid 

significantly higher audit fees, reflecting heightened audit risk assessments and expanded 

audit procedures, confirming blockchain’s role in driving audit transformation. 

 

Majeed and Taha (2023) conducted a cross-sectional survey based on the UTAUT framework 

among auditors in Iraqi government banks. Data were collected in 2023 from a sample of 300 

auditors selected via stratified sampling. PLS-SEM was employed for analysis. The study 
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found that auditor skill, trust, transparency, security, and cost factors strongly influenced 

blockchain adoption intention, supporting blockchain as a driver of audit transformation in 

the Iraqi public sector. 

 

Alnaimat et al.  (2023) used a mixed-methods design, combining 27 semi-structured 

interviews with auditors and trend/economic analysis of audit firms’ financial data. Data were 

collected in 2023, with projections to 2025. Purposive sampling was applied, and thematic 

analysis alongside descriptive economic analysis was conducted. Findings indicated that 89% 

of respondents recognized blockchain’s impact on IT skills and operations, and 56% 

anticipated real-time auditing, underscoring blockchain’s transformative effect on audit 

practices. 

 

Elmaasrawy et al. (2024) carried out a cross-sectional survey of 249 auditors across the 

Middle East and North Africa in 2024. The study used structured questionnaires with 

professional outreach sampling. PLS-SEM analysis showed that clients’ blockchain adoption 

improved audit evidence collection for accounting estimates while raising inherent and 

control risk assessments, which required auditors to broaden procedures highlighting 

blockchain’s transformative role in evidence-based auditing. 

 

Oraby (2024) conducted a cross-sectional organizational survey among 130 accountants and 

auditors in Saudi organizations during 2024. Respondents were recruited through 

convenience sampling, and OLS regression was applied for analysis. Findings revealed that 

blockchain adoption had a large, positive effect on auditing functions, particularly in risk 

reduction and timeliness, with an adjusted R² of approximately 0.60. The results demonstrate 

blockchain’s contribution to audit efficiency and quality improvements. 

 

Anis (2024) used a sequential mixed-methods approach combining 11 interviews and a 

survey of 58 auditors across Egyptian audit firms. Data were collected during 2023–2024, 

with purposive sampling applied for the qualitative phase and professional-network sampling 

for the survey. Thematic analysis, t-tests, and descriptive statistics were used. Findings 

revealed that auditors in large firms reported stronger benefits of blockchain such as fraud 

reduction, improved evidence reliability, and reporting efficiency compared to SMEs, 

indicating that organizational capacity shapes blockchain’s transformative impact on 

auditing. 
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2.3.3 Big Data and Audit Transformation 

Al-Ateeq et al. (2022) employed a cross-sectional survey based on the Technology 

Acceptance Model (TAM). Data were collected via structured questionnaires from external 

auditors during 2021–2022. The population comprised registered audit firms in Jordan, with 

130 usable responses obtained through structured outreach. Structural equation modeling 

(SEM) was applied for analysis. Findings revealed that perceived usefulness and ease of use 

directly improved audit quality, with actual Big Data Analytics (BDA) use strengthening this 

relationship supporting the view that BDA drives audit transformation. 

 

Abdelwahed (2025) conducted a field survey to explore the influence of BDA adoption on 

the audit process, auditor competence, and audit fees. Data were gathered in 2024–2025 using 

questionnaires administered to 205 financial and IT auditors across Egyptian firms, selected 

through professional-association outreach. PLS-SEM was used for analysis. Results showed 

that BDA adoption significantly enhanced audit processes and auditor competence, with 

audit-fee impacts fully mediated by competence. This indicates that human capital 

development is critical to leveraging Big Data for audit transformation. 

 

Nguyen (2025) applied a qualitative–descriptive design to examine BDA adoption in 

financial auditing. Data sources included 37 semi-structured interviews with auditors across 

Big-4 and non-Big-4 firms, collected in 2025. The sample was selected using purposive 

sampling. Thematic analysis revealed that client size, competitive pressures, and firm strategy 

were primary drivers of BDA adoption. Big-4 firms demonstrated early-stage adoption, while 

non-Big-4 lagged behind, highlighting disparities in transformation readiness. 

 

Baaske et al. (2024) carried out a quasi-experimental design investigating the effect of data-

analytic visualizations on anomaly detection. Data were collected from 150 participants (88 

accounting students and 62 internal auditors) in 2023–2024 through professional networks 

and universities. ANOVA and OLS regression were applied. Findings indicated that 

appropriate visualization choices and task-specific feedback significantly improved anomaly 

detection performance, offering evidence that Big Data tools directly enhance audit quality. 

 

Abu Al Rob et al. (2024) conducted a cross-sectional survey to test the role of training in 

auditors’ intention to adopt BDA. Data were collected in 2024 from approximately 150 

external auditors via professional-list outreach. PLS-SEM was used for data analysis. Results 

demonstrated that training intensity and quality significantly improved adoption intentions, 
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underscoring the importance of capacity-building initiatives in achieving Big Data–driven 

audit transformation. 

 

A 2024 study in the Journal of Emerging Technologies in Accounting examined digital-audit 

readiness, with BDA as a core element, among public-sector internal auditors. A 

questionnaire survey was distributed to 149 respondents across federal and state audit 

institutions. The study used SEM-based modeling. Findings showed that digital expertise and 

technological infrastructure significantly increased BDA utilization and perceived audit 

quality, highlighting the organizational prerequisites necessary for audit transformation in the 

public sector. 

 

3. Methodology 

This study adopts an exploratory, library-based research design that synthesizes conceptual, 

theoretical, and empirical literature on technological innovation and audit transformation in 

Nigeria. It relies exclusively on secondary data drawn from peer-reviewed journals (e.g., 

Scopus), academic books, and reputable scholarly databases. These sources were critically 

analysed to extract insights on the core variables, offering a structured understanding 

grounded in established academic discourse. 

 

4. Conclusion, Recommendations, and Suggestions for Further Studies 

This study concludes that technological innovation, proxied by artificial intelligence, 

blockchain, and big data, plays a pivotal role in shaping audit transformation in Nigeria. 

Evidence demonstrates that these tools improve fraud detection, audit efficiency, and 

transparency, while also addressing institutional weaknesses that have long constrained audit 

quality (Li & Huang, 2023; Anderson & Schmidt, 2022). However, challenges such as 

inadequate infrastructure, low auditor competence, resistance to change, and weak regulatory 

enforcement remain significant obstacles (Okonkwo & Ibrahim, 2022; Eze & Chukwuma, 

2024). In line with global evidence, the findings emphasize that audit transformation is not 

solely about adopting new technologies but also about ensuring measurable improvements in 

audit quality, independence, and accountability (Brown & Taylor, 2024; Chen & Zhao, 

2024). Therefore, successful transformation in Nigeria depends on balancing technological 

innovation with regulatory oversight, professional judgment, and ethical responsibility 

(Martins & Silva, 2022). 
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Based on these findings, the study recommends that policymakers and regulators such as the 

Financial Reporting Council of Nigeria (FRCN) develop robust frameworks to support the 

adoption of AI, blockchain, and big data in auditing. Audit firms should invest in continuous 

professional development to bridge competence gaps, while universities and professional 

bodies must integrate digital auditing into their curricula (Adebayo & Yusuf, 2023; ICAEW, 

2025). Furthermore, collaboration between regulators, audit firms, and technology providers 

is necessary to establish standardized practices and reduce inconsistencies across jurisdictions 

(Osei & Boateng, 2023). Incentives such as tax breaks or grants could be introduced to 

encourage investment in digital infrastructure and innovation, particularly for small and 

medium-sized audit firms that often lack resources (Nwosu & Adeniran, 2025). Finally, 

governments should promote ethical guidelines and cybersecurity frameworks to mitigate 

risks associated with technological adoption (Adeyemi & Olayinka, 2022; Barba-Sánchez et 

al., 2024). 

 

Future research should conduct empirical investigations that measure the direct and 

moderating effects of AI, blockchain, and big data on specific audit quality outcomes in 

Nigeria, such as fraud detection rates, timeliness of reporting, and assurance of non-financial 

disclosures (Bello & Salihu, 2024; Lai, 2025). Comparative studies between developed and 

developing economies would also provide deeper insights into contextual factors influencing 

technological adoption (Pérez-Calderón et al., 2025). Moreover, longitudinal studies could 

explore how continuous auditing frameworks evolve over time and their long-term effects on 

audit independence and stakeholder confidence (Ghozi, 2024; UK FRC, 2025). Researchers 

should also expand the scope by examining emerging innovations such as cloud auditing, 

machine learning, and Internet-of-Things (IoT)-enabled audits, as these are likely to redefine 

audit methodologies in the near future (Masoud, 2023; Frietsch, 2024). Such studies will 

enrich the literature and provide evidence-based guidance for regulators, audit practitioners, 

and policymakers in Nigeria and beyond. 
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